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Abstract: 

Research on the ethics and governance of artificial intelligence in higher education 

has expanded rapidly since 2022, but the field's intellectual structure, its dominant 

themes, internal debates, and blind spots have not been systematically mapped since 

AI tools began exhibiting agentic properties such as multistep planning and 

autonomous task execution. This evidence synthesis maps the field using a PRISMA 

guided systematic search and bibliometric analysis of 312 publications (2019 to 

2026) drawn from Web of Science and Scopus. Keyword co-occurrence and co-

citation analyses identify five thematic clusters: transparency and explainability; 

distributed accountability and liability; human oversight and controllability; value 

alignment and epistemic integrity; and equity, access, and algorithmic fairness. For 

each cluster, the synthesis characterizes the constituent literature, its convergent 

findings, and its unresolved disagreements. Across clusters, six structural gaps 

emerge: a deficit of empirical implementation studies relative to conceptual work; 

the absence of validated measurement instruments for responsible AI use; the 

underrepresentation of community colleges, minority-serving institutions, and 

Global South contexts; an imbalance that favors accountability directed at students 

over accountability directed at institutions and developers; uncertain transfer of 

findings from before 2023 to agentic systems; and a weak connection between 

education research and technical AI governance venues. The paper concludes with a 

research agenda addressing each gap in turn, intended to guide researchers, editors, 

and funders as agentic AI deployment in higher education accelerates. 
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 1. Introduction: 

The arrival of generative AI in higher education produced one of the fastest growing literatures in 

educational research. Within three years of ChatGPT's release, scholarship on the ethics and 

governance of AI in universities had moved from a specialist concern to a mainstream preoccupation 

of journals across educational technology, higher education studies, and applied ethics. Rapid growth 

of this kind carries a familiar cost: literature accumulates faster than anyone can read it, duplicated 

effort proliferates, and the questions that matter most are not necessarily the questions being studied. 

Periodic systematic mapping is the discipline's corrective. Existing syntheses, however, either predate 

the field's turn toward agentic AI, systems that plan, execute, and adapt multistep tasks with limited 

human oversight, or address single slices of the problem, such as academic integrity (Bittle & El-

Gayar, 2025) or AI ethics in education generally (Yu & Yu, 2023). No published synthesis has mapped 

the full ethics and governance literature as it has reorganized itself around agentic capabilities. 

This paper provides that map with three questions. First, what is the intellectual structure of research 

on the ethics and governance of AI in higher education between 2019 and 2026: which themes organize 

the field, which works anchor them, and how has the structure shifted over time? Second, within each 

thematic cluster, what has the literature established, and where does it disagree? Third, what does the 

field systematically fail to study, and what research agenda follows from those gaps? 

The corpus analyzed here was originally assembled for a companion study (Author, 2026, manuscript 

submitted for publication) that used bibliometric clustering instrumentally, as the empirical foundation 

for a governance framework. The present paper has a different purpose and makes a different 

contribution: the synthesis itself. Where the companion paper asks how institutions should govern 

agentic AI, this paper asks what the research field knows, how that knowledge is organized, and where 

it is thin. What this paper offers instead is the field level evidence assessment that framework building 

necessarily compresses: a cluster by cluster reading of the literature's composition and quality, an 

explicit gaps analysis, and a prioritized agenda for the next phase of research. 

1.1. Purpose and Significance of the Study 

This study provides the first systematic, PRISMA guided map of ethics and governance literature 

since AI tools in higher education began exhibiting agentic properties. Its purpose is threefold: to 

identify the thematic clusters, anchor works, and points of agreement and disagreement that organize 

the field between 2019 and 2026; to expose the structural gaps, in measurement, implementation 

evidence, institutional representation, and accountability balance, that the field has not yet addressed; 

and to translate those gaps into a prioritized research agenda. 
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 The significance of this synthesis extends beyond a literature review. As agentic AI systems assume 

greater autonomy over academic tasks, institutions, regulators, and funders are already making 

governance decisions on the strength of literature this paper shows to be conceptually mature but 

empirically thin. By identifying exactly where the evidence base is strongest and where it is weakest, 

this study equips researchers to direct their next studies productively, gives editors and reviewers a 

basis for raising the field's evidentiary standards, and gives funders and institutional leaders a concrete, 

prioritized target for investment. 

2. Background: The Agentic Turn in Educational AI 

Two developments make this systematic literature review timely. The first is empirical. Adoption of 

generative AI in higher education outran both policy and research almost immediately: by late 2023, 

nearly half of American high school students reported using generative AI for schoolwork (ACT, 

2023), while many educators reported working without clear institutional AI policies, and a quarter of 

higher education institutions surveyed globally had already encountered ethical incidents related to AI 

(UNESCO, 2025). Evidence on learning effects accumulated just as quickly and just as unevenly: 

meta-analyses report a moderate-to-large positive effect of ChatGPT use on achievement (Liu et al., 

2025) and a large positive effect on undergraduate learning outcomes (Mo et al., 2026), yet primary 

studies caution that effects reverse when AI substitutes for rather than scaffolds student reasoning 

(Imran & Almusharraf, 2023), and research on student voice reveals simultaneous enthusiasm and 

anxiety about dependency and fairness (Baidoo-Anu & Owusu Ansah, 2023; Chan & Hu, 2023). 

The second development is conceptual. The ethics literature's object of study changed underneath it. 

Early work addressed reactive systems, tools that answer prompts, inheriting its categories from the 

AI literacy tradition (Long & Magerko, 2020; Ng et al., 2021). Beginning around 2024, a new 

theoretical vocabulary entered the field through work on advanced AI assistants (Gabriel et al., 2024) 

and the dimensional characterization of AI agents by autonomy, efficacy, goal complexity, and 

generality (Kasirzadeh & Gabriel, 2025). Systems now common in universities occupy the lower 

reaches of this agentic spectrum: they decompose assignments, carry context across sessions, and act 

on a student's behalf across tasks. Whether the findings and frameworks built for reactive tools survive 

this transition is, as the synthesis below shows, one of the field's most consequential open questions. 

Institutions, meanwhile, are governing in the interim: policy inventories find enormous variation in 

scope and enforceability across universities (Azevedo et al., 2025), and global survey data indicate 

that only about a fifth of institutions have formal AI policies while twice that share report frameworks 

still under construction (UNESCO, 2025). The literature mapped below is therefore not an academic 

exercise; it is the evidence base on which a live, worldwide effort to build policy is drawing. 
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 3. Methodology: 

3.1. Search Strategy and Screening 

Records were retrieved from the Web of Science Core Collection and Scopus in March 2026 using 

a Boolean string combining three concept groups: AI ("agentic AI" OR "generative AI" OR "large 

language model*" OR "LLM"), setting ("higher education" OR "universit*" OR "academic*"), and 

governance ("ethic*" OR "governance" OR "accountabilit*" OR "responsibilit*"), with truncation 

wildcards to capture variant word forms. The search using key words and combination of keywords 

was conducted in title, abstract, and text of the literature. Eligible records were peer-reviewed journal 

articles, conference papers, editorials, books and book chapters. other non-peer-reviewed materials 

were excluded. Before deduplication, 1,560 records were retrieved; 313 duplicates were identified and 

removed by Doi matching and content scanning. The search returned 1,247 unique records after 

deduplication (WoS: 683; Scopus: 564). Screening followed PRISMA 2020 procedures: records were 

excluded if published before 2019, not peer reviewed, exclusively K–12 focused, or unavailable in 

English, yielding a final corpus of 312 articles/literature. Title and abstract screening were conducted 

by 3 researchers, with disagreements resolved by the second-round of reviews and discussions. The 

screening process is documented in the PRISMA 2020 flow diagram (Figure 1). 
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 3.2. Bibliometric and Thematic Analysis 

VOSviewer (version 1.6.20) was used for keyword co-occurrence analysis (minimum occurrence 

threshold: five) and co-citation analysis with cited references as the unit of analysis (minimum co-

citation threshold: three). Cluster solutions were generated with VOSviewer’s default association 

strength normalization. The quantitative clusters were then subjected to qualitative thematic synthesis: 

the top 5 most-cited and top 5 most-co-cited works in each cluster were read in full and coded for 

research design, population, findings, and claims structure. 

The corpus analyzed here is the same corpus of 312 articles/literature assembled for a companion 

framework study (Author, 2026, manuscript submitted for publication). That study reports the cluster 

solution summarily as the empirical basis for a governance matrix; the present paper reports the full 

synthesis, including per cluster evidence assessment and gap analysis, which the companion paper 

does not contain. This reuse of the same corpus of 312 articles/literature is disclosed in the submission 

cover letter. 

4. Results: 

4.1. Corpus Structure and Temporal Evolution 

The keyword co-occurrence analysis identified 89 keywords meeting the threshold, organized into six 

clusters. The highest total link strength (TLS) values belonged to "artificial intelligence" (TLS = 847), 

"academic integrity" (TLS = 612), "higher education" (TLS = 589), "AI literacy" (TLS = 534), and 

"accountability" (TLS = 498). That two of the five most central terms concern responsibility and trust, 

rather than technology or pedagogy, is itself a finding: the field's center of gravity is normative. The 

six clusters and their most central keywords are summarized in Table 1. 

Table 1. 

Six Keyword Co-occurrence Clusters (89 keywords meeting the threshold) 

Keyword cluster Keywords (n) Most central keywords (by total link strength) 

AI technologies and tools 13 artificial intelligence (847), generative AI, large 

language models, ChatGPT, agentic AI 

Transparency, explainability, 

and AI literacy 

20 higher education (589), AI literacy (534), 

transparency, explainability, disclosure 

Academic integrity and 

assessment 

17 academic integrity (612), plagiarism detection, 

academic dishonesty, assessment design, AI 

detection 
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 Accountability and 

institutional governance 

14 accountability (498), institutional policy, AI 

governance, responsibility, regulation 

Human oversight and value 

alignment 

16 human oversight, value alignment, epistemic 

integrity, autonomy, human-in-the-loop 

Equity, access, and algorithmic 

fairness 

9 equity, algorithmic fairness, digital divide, 

minority-serving institutions, access 

Co-citation analysis (cited references as the unit of analysis) produced five clusters, summarized in 

Table 2: transparency and explainability (n = 89); distributed accountability and liability (n = 74); 

human oversight and controllability (n = 61); value alignment and epistemic integrity (n = 58); and 

equity, access, and algorithmic fairness (n = 30). Publication dates within clusters reveal a clear 

temporal structure. Work published 2019 to 2022 concentrates on predictive and reactive systems, 

plagiarism detection, learning analytics ethics, and AI literacy definition; from 2023 onward the corpus 

pivots sharply, with the steepest growth in papers organized around agentic properties.  

The equity cluster is the smallest but fastest growing, with the steepest year over year citation 

trajectory in the corpus. The keyword and co-citation solutions are related but not identical: the six 

keyword clusters partition the field by topic vocabulary, while the five co-citation clusters partition it 

by shared intellectual ancestry. Their alignment on integrity, accountability, and literacy themes, and 

their divergence at the margins, where keyword clusters separate tool specific discussion that co-

citation analysis merges, indicates a field whose terminology is still ahead of its theoretical 

consolidation.  

Table 2. 

Five Co-Citation Clusters in the Corpus (N = 312) 

Cluster n Anchor Works (Most 

Co-cited) 

Dominant Concern Principal Gap 

Transparency and 

explainability 

89 Gabriel et al. (2024); 

Kasirzadeh & Gabriel 

(2025); Yu & Yu (2023) 

Interrogability of AI 

reasoning in academic 

work 

Principles rarely 

operationalized 

Distributed 

accountability 

and liability 

74 Mukherjee & Chang 

(2025); Kapoor et al. 

(2025); Chan (2023) 

Who answers when 

agentic AI causes 

academic harm 

Almost no empirical 

accountability 

studies 
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Human oversight 

and 

controllability 

61 Gabriel et al. (2024); 

Kasirzadeh & Gabriel 

(2025) 

Designed (versus 

assumed) human 

control 

Student rights 

largely untheorized 

Value alignment 

and epistemic 

integrity 

58 Durand-Folco & 

Martineau (2023); Bean 

(2011); Furze (2024) 

Epistemic 

development under AI 

assistance 

Long term learning 

outcomes 

unmeasured 

Equity, access, 

and algorithmic 

fairness 

30 UNESCO (2021); Arum 

et al. (2025); IDRC 

(2024) 

Differential access, 

support, and bias 

exposure 

Smallest cluster; 

MSIs and Global 

South missing 

Note. n = documents per co-citation cluster. MSIs = minority-serving institutions; IDRC = Inclusive 

Design Research Centre. 

4.2. Cluster 1: Transparency and Explainability 

The largest cluster is anchored by the theoretical program of Gabriel et al. (2024) and Kasirzadeh and 

Gabriel (2025) and, on the education side, by Yu and Yu's (2023) earlier bibliometric mapping of AI 

ethics in education. Its organizing problem is interrogability: whether the humans who must evaluate 

AI assisted academic work, instructors grading it and students defending it, can access the reasoning 

that produced it. The literature converges on three points. It agrees that visibility of agent behavior and 

interpretability of agent reasoning are distinct requirements, frequently conflated in institutional policy. 

It agrees that the burden of explanation should rise with the system's autonomy, since more 

autonomous systems perform more of the cognitive work whose provenance matters. And it agrees 

that in practice neither requirement is met: universities license and permit tools whose reasoning 

neither party to the assessment relationship can inspect (Hibbert et al., 2024). 

Where the cluster is weakest is in operationalization and evidence. Most contributions state 

transparency as a principle rather than a testable requirement, a pattern Yu and Yu (2023) already 

observed and which persists in the literature that followed the agentic turn. Empirical work is 

dominated by AI literacy studies, competency definitions descending from Long and Magerko (2020) 

and Ng et al. (2021), assessment frameworks (Chee et al., 2025), and gray literature institutional guides 

(Digital Education Council, 2025; EDUCAUSE, 2024; European Commission & OECD, 2025). These 

document what students and staff should understand about AI systems, but almost no studies test 

whether transparency mechanisms, disclosure logs, provenance records, reasoning traces, actually 

change instructor judgment or student learning. Methodologically, the cluster is dominated by 

conceptual analysis, framework proposals, and survey research; experimental and design-based studies 
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 are rare, and the few competency instruments that exist (Chee et al., 2025) have been validated for 

reactive tools rather than agents. The cluster thus exhibits a characteristic shape: theoretically 

sophisticated, prescriptively rich, empirically thin. 

4.3. Cluster 2: Distributed Accountability and Liability 

The second cluster joins two literatures that citation patterns show becoming one: a philosophical 

literature on responsibility for autonomous systems and an applied literature on academic integrity. 

From the first side, Mukherjee and Chang (2025) supply the cluster's most borrowed concept, the 

diffusion of responsibility across developers, deployers, and users when autonomous systems cause 

harm, and Kapoor et al. (2025) supply its most cited design argument, that agentic systems should be 

built to serve user rather than platform interests. From the second side, the empirical record is 

comparatively strong: systematic reviews document both the efficiency benefits and the dishonesty 

risks of generative AI (Bittle & El-Gayar, 2025), studies trace integrity failures to assessment design 

rather than student character (Cotton et al., 2023), and demonstrations of detector unreliability, 

including false positives on canonical historical texts, have effectively closed the debate on detection 

as a governance strategy (Edwards, 2023). 

The cluster's live disagreement concerns where integrity governance should reside. One position 

treats integrity as a rules problem: clearer syllabus taxonomies of permitted, restricted, and prohibited 

AI use (Chan, 2023) and graduated scales of AI involvement (Furze, 2024). A second treats it as a 

development problem: what matters is not compliance but whether students' epistemic agency grows 

or atrophies under AI assistance (Ardito, 2025; Durand-Folco & Martineau, 2023). Citation practice 

suggests the field is migrating from the first position to the second, consistent with professional bodies' 

shift from prohibition to disclosure norms (American Psychological Association, 2023). What neither 

position yet possesses is evidence: the cluster contains almost no studies that follow an accountability 

arrangement through an actual integrity incident, and none that test whether taxonomies, disclosure 

memos, or attestation regimes change behavior. The cluster is also conspicuously silent on liability in 

the legal sense. Although its vocabulary is juridical, responsibility, liability, accountability, 

contributions from legal scholarship are nearly absent from the co-citation network, so questions that 

will eventually be settled in contracts and courts, such as a vendor's obligations when its agent 

fabricates sources in a graded submission, are being theorized without the discipline best equipped to 

answer them. 

4.4. Cluster 3: Human Oversight and Controllability 

The third cluster is the most theoretically consolidated and the most empirically deserted. Its consensus 

claim, articulated by Gabriel et al. (2024) and formalized by Kasirzadeh and Gabriel (2025), is that 
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 human control over AI systems is a designed property, not a default one, and that governance should 

specify autonomy thresholds above which human in the loop review is mandatory. Education 

scholarship in this cluster imports the distinction between nominal control (a human formally initiates 

and approves) and substantive control (a human can competently interrupt, redirect, and reject), and 

observes that student initiated agentic work often satisfies only the former. 

Three features of this cluster stand out in the synthesis. First, nearly all of its work addressing 

education is conceptual or policy analytic; oversight mechanisms such as review checkpoints, 

permission scoping, and override rights are proposed frequently and evaluated never. Second, the 

oversight relation studied runs almost exclusively from institution to student; the reciprocal relation, 

students' rights against AI systems imposed on them, in grading, feedback, and advising, appears only 

at the margins, chiefly via Kapoor et al.'s (2025) agent advocate argument, and remains untheorized in 

terms specific to education. Third, the cluster has begun to attract policy attention faster than research 

attention, with governance proposals surfacing in legislative and regulatory venues (Executive Order 

No. 14277, 2025; Federation of American Scientists, 2026) that cite the same thin conceptual base. 

The risk this creates, policy consolidating around unevaluated mechanisms, is discussed in Section 5. 

4.5. Cluster 4: Value Alignment and Epistemic Integrity 

The fourth cluster is the field's pedagogical conscience. Its anchor works are older than the others', 

because its central concept predates AI: Bean's (2011) argument that intellectual development requires 

productive struggle, imported into the AI debate to ask what happens when an agent absorbs the 

struggle on the student's behalf. Durand-Folco and Martineau (2023) give the cluster its political 

economy, warning of credentials accumulating without the capacities they certify, and the practitioner 

wing supplies its instruments: staged models of institutional adaptation (Maloney, 2023), graduated AI 

involvement scales (Furze, 2024), and ethics integrated course design frameworks (Online Learning 

Consortium, 2025). 

The cluster's convergent finding, consistent across otherwise disparate work, is that assessment 

design, not policy language, is the operative variable: tasks eliciting generic responses invite 

substitution, while tasks demanding localized knowledge, iterative process evidence, or oral defense 

make AI use visible and pedagogically tractable (Cotton et al., 2023). Faculty development research 

reaches the parallel conclusion that practice-based programs outperform policy dissemination (Alier 

et al., 2024; Monzon & Hays, 2025; UNESCO, 2024), and institutional case studies confirm that policy 

without capacity produces confusion rather than compliance (Azevedo et al., 2025; Wu et al., 2024). 

The gap is longitudinal: no study in the corpus measures whether redesigned assessment actually 

protects learning outcomes over semesters or degrees, so the cluster's central causal claim, that 
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 alignment oriented design preserves epistemic development where prohibition does not, rests on theory 

and short-term indicators rather than direct evidence. The mechanisms the cluster proposes are 

nonetheless the field's most concrete: process portfolios, annotated revision of AI output, reflective 

disclosure memos, and oral defense all have clear operational definitions and could be evaluated with 

standard educational research designs, which makes this cluster the natural starting point for the 

implementation studies the field lacks. 

4.6. Cluster 5: Equity, Access, and Algorithmic Fairness 

The smallest cluster carries the largest normative weight and the steepest growth curve. Its empirical 

anchor is Arum et al.'s (2025) documentation of stratified adoption: students at less selective 

institutions receive less institutional support for AI use even as they face equal or greater exposure to 

its risks. Its normative anchor is UNESCO's (2021) recommendation on AI ethics, and its design 

anchor is the Inclusive Design Research Centre's (2024) triad of access, support, and bias audit. The 

cluster's distinctive analytical move is to treat AI harms as compounding rather than additive: access 

gaps produce competency gaps, which amplify exposure to algorithmic bias in the AI assisted grading 

and adaptive systems most common at under resourced institutions. 

Two silences define this cluster more than its contents. Community colleges, historically Black 

colleges and universities, Hispanic-serving institutions, and tribal colleges, precisely the institutions 

where the cluster's compounding logic predicts the greatest harm, are nearly absent as research sites 

rather than as objects of concern. And the Global South appears almost exclusively through 

intergovernmental gray literature rather than empirical study. A literature whose fastest growing theme 

is inequity, studied overwhelmingly at well-resourced institutions in the Global North, is a literature 

measuring the problem where it is smallest. 

5. Gaps and Research Agenda 

Read across rather than within clusters, the synthesis yields six structural gaps. The gaps are not 

independent: the measurement gap blocks the implementation studies that would close the evidence 

deficit, the population blind spots guarantee that whatever evidence does accumulate will generalize 

poorly, and disciplinary insulation keeps the expertise needed for accountability questions outside the 

field. Closing them in isolation is therefore unlikely to work; the agenda below is ordered so that 

measurement and implementation work enable the rest. Table 3 pairs each with the research designs 

most likely to close it.  

First, an implementation deficit: conceptual, prescriptive, and policy analytic work outnumbers 

empirical implementation study in every cluster; proposed mechanisms (disclosure memos, oversight 

checkpoints, bias audits) circulate widely without ever being evaluated in a live course or institution.  
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 Second, a measurement gap: the field possesses no validated instruments for its own core constructs, 

responsible use, epistemic integrity under AI assistance, substantive oversight capacity, leaving studies 

to rely on self-reported measures and ad hoc rubrics.  

Third, population blind spots: minority-serving institutions, community colleges, and Global South 

universities are objects of equity argument but rarely sites of data collection.  

Fourth, an accountability asymmetry: student obligations are elaborately specified across the corpus 

while institutional and developer obligations remain gestural, an inversion of where power over agentic 

systems lies. 

 Fifth, temporal fragility: a large share of the corpus's empirical base predates agentic capabilities, and 

no study tests whether findings from research on reactive tools transfer to systems that plan and act; 

the field may be governing tomorrow's systems with evidence about yesterday's. 

 Sixth, disciplinary insulation: co-citation patterns show education research and technical AI 

governance scholarship citing largely disjoint literatures, meeting only through a handful of boundary 

works (Gabriel et al., 2024; Kasirzadeh & Gabriel, 2025), which slows the translation of technical 

governance advances into educational practice and of educational evidence into system design. 

Table 3. 

Gap by Gap Research Agenda 

Gap Exemplar research questions Priority designs 

Implementation 

deficit 

Do disclosure memos or oversight 

checkpoints change instructor and 

student behavior? 

Field experiments; design-based 

implementation research in live 

courses 

Measurement gap What observable indicators validly 

distinguish responsible from 

substitutive AI use? 

Instrument development and 

validation; measurement invariance 

studies 

Population blind 

spots 

How do agentic AI governance needs 

differ at MSIs, community colleges, 

and Global South institutions? 

Multi-site comparative case studies; 

partnerships with under resourced 

institutions 

Accountability 

asymmetry 

What developer and institutional 

obligations are enforceable, and how? 

Policy analysis with legal 

scholarship; procurement contract 

studies 
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Temporal 

fragility 

Do reactive tool findings replicate 

with agentic systems? 

Systematic replications varying 

system autonomy 

Disciplinary 

insulation 

What educational evidence should 

inform agent design, and vice versa? 

Cross venue collaborations; boundary 

spanning special issues 

Note. MSIs = minority-serving institutions. 

6. Discussion: 

Three implications follow from the map. For researchers, the synthesis reorders the field's incentives: 

the marginal value of another conceptual framework or policy commentary is now low in every cluster, 

while the marginal value of implementation studies, validated instruments, and research at 

underrepresented institutions is high. The comparison with adjacent syntheses sharpens the point: 

integrity focused reviews (Bittle & El-Gayar, 2025) and mappings that precede the agentic turn (Yu & 

Yu, 2023) each found their literatures long on concern and short on intervention evidence, and the 

present synthesis shows that the agentic turn has widened rather than narrowed that ratio, because 

theory has moved faster than fieldwork. 

For editors and reviewers, the temporal fragility gap suggests a concrete practice: requiring authors 

to specify the agentic profile of the systems they study, at minimum the autonomy and generality of 

the tools involved, so that future syntheses can distinguish evidence about reactive tools from evidence 

about agents. Much of the current corpus is ambiguous on exactly this point, which is why the transfer 

question cannot presently be answered. 

For funders and institutional leaders, the population blind spots and the accountability asymmetry 

are the actionable findings. Both reflect resource allocation rather than intellectual difficulty: studying 

implementation at a community college costs more relational investment than theorizing at a research 

university, and specifying developer obligations requires legal and procurement expertise that 

education faculties rarely hold. Targeted funding and interdisciplinary teams are the plausible 

correctives; the research agenda in Table 3 is designed to be fundable in precisely that form. 

For practitioners, finally, the map is usable now even where the evidence is thin, provided it is used 

honestly. Institutions selecting among governance mechanisms should prefer those the literature 

defines operationally (the assessment design instruments of the value alignment cluster) over those it 

defines only aspirationally (transparency principles without logging or provenance requirements) and 

should treat their own implementations as evaluable pilots rather than settled policy, since they will in 

effect be generating the evidence the research base is missing. 
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 The synthesis also clarifies what should not be concluded. The dominance of normative over 

empirical work is not evidence that the field is unserious; it is the ordinary shape of a literature 

responding to a fast technological shock, in which conceptual triage precedes evaluation. The argument 

here is that the triage phase has done its work. The categories are stable, five clusters with clear anchors 

and boundaries, and the field's next phase should be evaluative. 

7. Policy and Societal Implications 

The societal stakes of this synthesis lie in what universities certify. Degrees function as public signals 

of capability; if agentic AI erodes the link between credential and competence faster than governance 

research can respond, the cost falls not only on institutions but on employers, professions, and the 

publics they serve. This synthesis shows that the research base underpinning institutional AI 

governance is thinnest exactly where societal exposure is greatest: at under resourced institutions 

serving the most vulnerable student populations, and at the level of developer and institutional 

obligation where power over agentic systems is concentrated. Policymakers drafting rules for AI in 

education, a process already underway in federal directives and legislative proposals, are therefore 

building on evidence about yesterday's tools, gathered at unrepresentative institutions, with student 

conduct specified in excessive detail and institutional conduct left thin.  

The practical implications are threefold: regulatory frameworks should mandate transparency about 

the agentic profile of educational AI systems so that evidence and rules can be matched to actual 

capabilities; public research funding should be directed toward implementation and measurement 

studies at minority-serving and open access institutions; and procurement policy should be recognized 

as a governance instrument, since contract terms between universities and AI developers are currently 

an important and immediately actionable mechanism of developer accountability for universities. 

Without these corrections, AI governance in higher education risks consolidating around plausible but 

unevaluated mechanisms. 

8. Conclusion: 

This synthesis mapped 312 peer reviewed publications on the ethics and governance of AI in higher 

education onto five stable thematic clusters, assessed the evidence within each, and identified six 

structural gaps that jointly define the field's next research phase. The picture that emerges is of a 

literature that has completed its conceptual work and not yet begun its empirical work: rich in 

frameworks, principles, and warnings; poor in implementation evidence, validated measures, and 

representative research sites. As AI systems in universities become more autonomous and more 

general, the cost of that imbalance compounds, because governance decisions are being made now,  
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 at every institutional level, on the strength of the conceptual literature alone. The agenda proposed 

here, evaluative, measured, and deliberately aimed at the institutions and actors the field has 

overlooked, is offered as the map for that work. 

9. Limitations: 

This synthesis is limited to English-language, peer-reviewed records indexed in Web of Science and 

Scopus. Database coverage bias is therefore a constraint: preprints, policy gray literature (except where 

cited contextually), and scholarship not published in English are excluded—a material constraint given 

the Global South gap the synthesis itself identifies. Search-term sensitivity is an additional limitation; 

alternative keyword choices might have retrieved a somewhat different corpus. Citation-indexing lag 

means the newest scholarship is underrepresented: co-citation analysis privileges older, well-cited 

works and gives less weight to recent publications, so the 2025–2026 literature is represented 

conservatively. Bibliographic metadata errors in the source databases may have introduced noise into 

the corpus. The cluster solutions depend on VOSviewer parameter choices (occurrence and co-citation 

thresholds); alternative thresholds could yield somewhat different partitions. Cluster labeling involves 

interpretive judgment, and although anchored in quantitative co-citation structure, alternative labels 

are defensible. Finally, the corpus was assembled in March 2026; in a field growing this quickly, the 

map ages fast and should be rerun periodically. The corpus is shared with a companion framework 

study (Author, 2026, manuscript submitted for publication), as disclosed in Section 3.2. 
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 Use of Generative AI Tools: 

Generative AI tools (Gemini Pro and ChatGPT) were used to assist with copy editing, formatting, and 

reference verification during the preparation of this manuscript. All searches, screening decisions, 

coding, analysis, interpretations, and conclusions are the authors' own, and the author verified and take 

full responsibility for all content. 
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